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MISS WarisANAPRASERT: Applied Data Mining ¢
Undergraduates: A Case Study of Faculty of Archaeology, :
advisor . Ratchadaporn Kanawong, Ph.D.

This study aims to determine data mining techapprepra
features that apply to undergraduate career upon graduation by
Archeology, Silpakorn University. In this work divide into three
compare the variables with the selected data felattres) (et
InfoGain, Cfs arfkNoton 2) to compare the performance witl
technique among Random Forest, Neural Network and Naive
suitable for use as the leading data mining techniquehkiappbade
student in Faculty of Archeology, Silpakorn Unishessiyy STdred G
for Data MiningIlpQORISRised as a process in education. The po
research is the 400 graduates of FacultylpztkArohgaologisits in /
years between 2013 to 2015. The performance of the rdealdl G
Validation Method. The accurate of classification model is ¢
Measurement and Mean Absolute Error liciaddjtiohptbdetftan
assumptiontbgtt(Dependent Sample)

From the comparison of model performance, we found
of Graduate Information of Faculty of Archeology, Silpakorn
Network with the selectieditdeda (Feature Selection) technique
predictive of good accuracy. It get more effectige dioC\dosh 1
Network with selected data as applied to the Career Advice Sys
find the fact thagvwhkiation of system by using questionnaire ga
the high level which is same as our assumption in the beginning
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Art En F m 333 FF Medium Medium Go Free Art central
Art En F Mua 2.50 cc Medium High Ccom p Gov Art Bangkok
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Northe{ij NeT NI AT I
t
5, Type Admis [ KNT 6 & ONT KI NT A KAT 0 ¢
Mua | L E HEARMHINE N
ENKInhJLmn
Border|T. nT I ' nh'l I n
ENElITl anhgN
9. [Old_gpaxnor O] Kk EE 61 JO«j KIGEKhGKEGOG |
ek G(ENDrédlizetBh) © 10
-1
/.| Activity AA L NLT N ENEEKKJ &I
BB |OEJ@@GOERAGKnI JINET |
CC LNk] I AhTi
DD |[EN& E K KOIK-
rahT NI nNE
EE ENEEKKJ ©OC
6T OORNEK |
*geéenj I*0E N
r'TAELNETY
el NJor1 kNT
ITFTkaeégi d
FF ENT OmgMd KO
T nNj KOJ Of
ENT I 1 3NICQ
GG |l NgNENK
HH |[hTT KOk NK
I KNe KOK Nij N
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No.

Attributes

Code

Description

Detall

ETC

I Dr I ¥

11.

F_income

Low

't SNET n NG

Mediun

[ ... 7 .0.

High

INEET nNO1

KNT

ch 67 N

12.

M_income

Low

't SNET n NG

Mediun

/. 1@ . ¥ .0.

High

INEEI nNO1

KNT

cch ©J NI

/

F _job

Gover

KNGENK- 381

State

KAGI NLCNT B

Comp

Free

Agri_fis

Etc

n1 1 NhIJ

/

2

M_job

Gover

State

Comp

Free

Agri_fis

Etc

A1 J NKT

T NSNENKOP k E& 6 JOkd6h]

NENKHNENE

No.| Attributes| Code Description Detall
/ | Statejob | Full I SNENT | KNLT NT ij N1t EJ
Free I SNENI I NL
&reelanceyd O N €
j O8] KNEI i1
0 ,| Jobcat Gover [ ONKNGENK] KNGO ijT ENI
Kng
State Kngl NLNI E
Comp |1 Il NEENI T
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No.| Attributes| Code Description Detall
0l EgI
Free hSNOI NI T n
ENEENK- I N
(Freelance)
Org_inte1 | ANEENI | E
KNI'T nNE] K
1 | Talent A i NI NT nNE||[h©ONT éi NJ
B ENKE§gOel Ji NoLITAr
C ENEEKKJILA
D LNk] N-Tnh
] KNI AT NL N
F I NGL Nk ] N-
G ENKOERJ I -
H i NT Nl ]
I ENKLDr L]
T NAT nt ] KN
J ENKeSNI | A
K ENK&N]
2 ,| Occgroup | A ExknnJdl NgfT SNE@INION
TNKENKOENEKNNJI I N§
ENT ENKHOT| € ©ONKNG E N |
B ExknnJdlkNgnlJINJEROD .
oL KENKEINERI ] O8] KNI
I nT LNIEKK-EknnJlI®g§
a EknnJl Nga®knnJl Ng
ENKT NAT ntH-BhkmNgHi I N
F6 Eknnd I NgRLTN|] PTJEI
L NT NKAELp&T nNET
H6 EknnJdl Ngn
LAEeéeJ OOk KN
3 ,| Workplace | BangkoKE K ES T | ENElI T nhl
Central [ij Né Ek NE I I E 6EJkRy)inQ
North |ij Néed Tl T nl |ijOJNijNeée&l
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No.| Attributes) Code Description Detail
South |ij Né &l ©
Northeagij NeéT NI AT I
Eastern|ij NeéT NI AT I
West [ij NeT T NI Al

6. | Salary Low Tr SNEI nNdOENT 6h NI
Medium|/ . 1@ .. ¥ .O.
High JNEEI nNO1

7. [Time Now |eh ©ENT T nT|KN] N&T k NI
One /B0 h NI
Four A8 O6hNIT (
Seven |50 O6 h NI |
Ten [ DA O6 h NI
More JNEEI nNOJ
Current  cch © ENIT KNT

8. | Match True ' KE ENTTArl SI
False [ nT KE ' KNI cedn

9. | Knowledge|Most. [J NET Ar%)n hLNJNKT I S
High J N BobEBY / ] KNj nET Q|
Medium||] NT E% 5P O &
Low |1 ©19438 0 3
Least [ ©F ] I A %)L n

& NEEKNT I T B NKNo e RKE i I SEaD iprSiX cH o INR
Enl T 6 avahin Emp aNKNER Ky ©

T NREAENKT T Nj ij N] El gWEKE n Hk nE| HNE& €

No. Attribute Values| Descriptio Name

1 | First, Second, Non Nominal| hornor 6ENRnj KI

2 | Arc, Art, Th, En, Fr, An | Nominal| major L Né NI N

3 | Arc, Art, His, Mu, Th, En| Nominal| minor | NgGNGI
Khm

4 |FM Nominal| gender 01 L




No. Attribute Values| Descriptio Name
5 | Bangkok, Central, Nort| Nominal| hometown |ij OJ Nk §
Northeast, Eastern, West
6 | Admis, Mua, Border Nominal| type | NT A KA
7 | AA,BB,CC,DD,EE,FF,GCG Nominal| activity ENéE K
6 KEOS KT
KnilJ
8 | Low, Medium, High Ordinal |f income |KNJ] aeh €
9 | Low, Medidigh Ordinal | m_income |[K NJ ceh ¢
Oh NI
10 | Free, Comp, Agri_fish, ¢ Nominal| f_job FNgni1 T
State
11 | Free, Comp, Agri_fish, (¢ Nominal| m_job FNgn1 J
State
12 | Full, Free Nominal| statusjob |[L T NI ij
I SNENI
13 | Gover, State, EmrapOrg_| Nominal| jobcat ] KNG ij 1
14 | A,B,C,D,F,G,H,l,J,K Nominal| talent he NI e
el NJLN
I argnl
15 | Bangkok, Central, Nortl Nominall workplace [é n ET | n
Northeast, Eastern, West
16 | Low, Medium, High Ordinal | salary OENT &F
0 Gknrj
17 | Now, One, Four, Seven, | Nominal| time KNj NO I
Current ENT T SN
18 | True, False Nominal| match ENIT T Ay
L Né NT i
19 | Most, High, Medium, Low Ordinal | knowledge [ NJ N K T
& NEL N
| KNJ nH
I SNO 1 1
20 | XX.XX Numeric| gpaxnormal 6 E K h 0
L SNO KR




No.

Attribute

Values

Descriptio

21

XX XX

Numeric

oldgpaxnort

22

Al, B2, C3, F6, H8

Nominal

occgroup

v

R

. e

w2 - | =RAND()

A B c D E F G H 1 ]
1 |hornor major minor gender hometown type a:tmtv f_income m_income f_job
2 |Second An His F Bangkok  Admis Low Medium  Etc
3 |Second Th  Hi F Eastern  Mua GG Low Low Free
4 |Second Fr Mu F Bangkok  Admis GG Medium  Low Free
5 [Non An His F Bangkok  Mua BB Low Medium  Etc
6 |Second Arc  An F Bangkok  Admis BB Low High Etc
7 |Second Arc  Hs F Bangkok  Admis ETC  Low Low Free
& [Non Fr En F Central Admis BB Medium  Medium  Free
9 [second En  Hi M Bangkok Mua DD Medium Low Comp
10|Frst | Th An F Central Mua BB Medium  Medium  Comp
11 |Second Th Khm F Bangkok  Admis FF Low Low Comp
12 |Second Th En F Bangkok  Admis BB Medium  Medium  Free
13 |Non En My M Bangkok  Admis DD Medium  Medium  Free
14 [Non An En M Bangkok  Mua ETC Low High Etc
15 [Non Fr His F Central Admis  ETC Medium Medium  Free
16 |Second Arc At F South Mua AA Medium  High State
17 |Hon At Hs M Bangkok  Muz  FF Low High Etc
18 |Second Th En F South Admis  CC Medium  Low Free
19 |Second Fr  En  F Bangkok  Admis BB High High Etc
20 |second An En F Bangkok Muz  EE Low High Etc
21 |Second Fr En F Bangkok  Admis GG Medium  Medium  Free
22 |Second Th Khm F Northeast Mua EE Low High Etc
23 |Non An_En F Central Admis BB High Medium  Etc
24 [Non Fr Khm M South Admis  EE Low Low Free
25 |Second Fr En M Bangkok  Admis GG Low Medium  Etc
26 |Second En Th F Bangkok  Admis CC Medium  Medium  Free
27 |second Fr En F Bangkok  Muz  FF Medium  Medium  Comp
28 |Non En Mu F South Mua BB Medium  Medium  Free
29 Non At En F Central Admis CC LD\.J Medium  Free
e P R, [, Fean

i

ij NA BEKRLrnOy J

KNéenHkAOa
O Lénl BN 8
ij N376 mejalbid O KeE]KFhmfldErbmgI}BR 11 ek argeky) i
ech 6é
ENKE
| KNG ij

e

~

JNr
E
H

~
~

J

~ —

rr

~

SNENKL

A

~

NOOTF NEEN
NI NT &

—_—

statusjob jobcat

Full

~

~

M N

Comp ] Bangkok
Comp H Bangkok
Free A Bangkok
Comp B Central

Gover D Bangkok
Comp B Bangkok
Comp A Bangkok
Comp A Bangkok
Comp A Bangkok
Free D Bangkok
Comp A Bangkok
Comp A Bangkok
Free A Bangkok
Free D Bangkok
Comp D West

Free D Bangkok
Free H  Bangkok
Comp A Bangkok
Comp B Bangkok
Comp A Bangkok
Comp B Bangkok
Comp A Bangkok
Gover D Bangkok
Comp A Bangkok
Comp A Bangkok
Comp A Bangkok
Comp A South

Comp B Bangkok
i PP

A
~

N

nEOL

o
talent workplace salary

IV CE

g

hES
N7

) I3 s 0D & EOR ENTH 171

N rrNs

B KNKDT a5 EGT i NKODE x &sDaaE 1) Bl FECE

~

BN BT T 1BoRCR. FigRNIE N@IO] Ok 1

REIJh

P Q R S T u v w
time  metch  knowlege gpaxnormal oldgpaxnormal occgroup |random
High Now TRUE  High 0.73 071 C 0.347865
Medium  Ten TRUE  Medium 0.74 0.84 G7 0.592881
Medium  Now TRUE  Most 0.74 0.74 G7 0.580012
Medium  Four TRUE  Medium 0.51 0.62 Al 0.755645
Low one TRUE  High 0.87 0.91 H8 0.031305
Medium  Seven TRUE  High 0.7 0.6 Al 0.498724
Medium  Now TRUE  Medium 0.46 0.47 A1 0.184047
Medium  One TRUE  High 0.65 0.65 Al 0.539619
Medium | Now FALSE High 0.84 0.71 A1 0.431906
Medium  Current ~ FALSE Medium 0.64 0.42 H8 0.898654
Medium  Four TRUE  High 0.71 0.68 Al 0.82545
Medium | Now TRUE  Most 0.3 0.61 A1 0.697409;
Medium  Four FALSE  Medium 0.33 0.26 A1 0.632462
Medium  One FALSE Low 0.42 0.83 G7 0.85956
Medium  One TRUE  High 0.77 0.5 G7 0.47788
Low Seven FALSE  Medium 0.31 0.45 B2 0.56869
Medium  Current ~ FALSE Medium 0.66 0.81 G7 0.948591
Medium  Now TRUE  Medium 0.74 0.53 A1 0.799433
Medium  One TRUE  Medium 0.66 0.47 A1 0.437964
Medium  Four TRUE  High 0.74 0.76 A1 0.630744
Medium  One TRUE  Medium 0.6 0.63 C3 0.017161
Medium  One FALSE Low 0.75 0.56 Al 0.325913
High Current = FALSE Low 0.51 0.65 H8 0.078465
High One TRUE  High 0.66 0.65 Al 0.812817
Medium  Now TRUE  Most 0.77 0.54 C3 0.218462
Medium  Seven FALSE High 0.66 0.85 C3 0.29798
Medium  Four TRUE  Most 0.39 0.71 A1 0.300289
Medium  Four FALSE Low 0.42 0.53 B2 0.21743%

frop, Faier e

~ ~

E i

(g

~

NOF

~

7
~

NJ ,

KIPE E

qgnl

I T S NERKK IOD k& NEOa MLEGKNNG | K KNG B K
Rij NS et EINDDI - 1
E EiH 6 sve@S kR #Hjon E16ON O R

AEEGSH B KiENIJ Ok |

Ve

NS |

NL et

NEPKRENL

&N KK

§ ENIOT & @
ENIT @& NKNhHh AT

~

K K
1
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horner major minor gender
2 [T 131 o
[ [ [
[— o
E - I -
& & 30 7 B
P . a__________
hometown type activity f_income
01 200 ™ 102 . 102
[ ] w7 A
o w I
# E
38 L. . - 12
o empemiece. | [ . . =A== H: | s —
m_income _job m_job statusjob
18 - i 15 sar
- il T
" o
] Li} 51 < 47 & 55
N N e e e o ——
jobcat talent workplace salary
20 s 3 a0
) s
e e 2 o ;o Mo o oo e . ., 2 [
time match Kknowlege
122 121 52 144 kil 7
. w P i 5 L
= 1 o 5q A Fm w
_ I B 3 - .
jL:3 e -]
. =N — e BN e : ) |
occgroup
w 18
g g .
o B ETR
s 3 B —
= 2
1 — — 4
~

i N/ B KRNI N1 KT J

Selected attribute

NAE KA1

MName: hornor

Type: Mominal

Missing: 0 (0%) Distinct. 3 Unigque: 0 (0%)
Mo, | Label | Count | Weight

1 Second 135 135.0

2 MNon 225 22510

3 First 40 400

lCIass:occgroup(Nom} ."“ Visualize All
135
40

ij NA B KN I0j

—
N1 OL h HénarNed 7J fOrk

~

& IE
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Selected attribute
Mame: major Type: Mominal
Missing: O (0%) Distinct. & Unique: 0 (0%)
Mao. | Label | Count | Weight
1 An 54 54.0
2 Th 86 86.0
3 Fr 79 79.0
4 Arc 56 56.0
5 An G5 65.0
6 En G0 60.0
Class: occgroup (Mom) .'“ Visualize All J

afi

GG
——
I

G flﬁ_

ij N/ BN IOj N1 Ol h BvajerF T oK & INEBEKAIG N\ I

Selected attribute
MName: minor Type: Mominal
Missing: 0 (0%) Distinct: 9 Unique: 0 (0%)
Mo. | Label | Count | Weight [
1 His 89 89.0 L‘\
2 Hi 47 47.0
3 Mu 43 43.0
4 An 30 30.0
5 En 131 131.0
6 Khm 8 8.0
7 Arf 27 27.0
8 Th 12 12.0 r/
a_ Arr a an b
Class: occgroup (Mom) ."H Visualize All J
121
29
]

43

27
I
-- : = i
I __

ij NA B KN IOij N1 ('5’ h BMands ®F 17 Ok & INBVERAR K NB T




64

Selected attribute
Name: gender Type: Mominal
Missing: 0 (0%) Distinct: 2 Unique: 0 (0%)
Ma. | Label | Count | Weight
1 F 318 318.0
2 M g2 820
Class: occgroup (Mom) ."’J[ Visualize All J
38

&2

. |
ij NA ERN IO N1 OL h Eendéda T 71 ® e WHKA GIH&K |n KD

Selected attribute
Name: hometown Type: Mominal
Missing: 0 (0%) Distinct. 7 Unigue: 0 (0%)
Mao. | Label | Count | Weight
1 Bangkok 201 201.0
2 Eastern 11 11.0
3 Central a7 97.0
4  South 38 38.0
5 Mortheast 26 26.0
6 West 18 18.0
7 Morth g 9.0
Class: occgroup (Mom) .‘l’“ Visualize All
201
I

ar

”—_-”_—m—A_gv:Av ~
KNIDj NI OL h EHenhetg@®® INn J © & IE QR & & §

E<
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Selected attribute
Mame: type Type: Mominal
Missing: 0 (0%) Distinct: 3 Unigue: 0(0%)
Mo. | Label | Count | Weight
1  Admis 209 209.0
2 Mua 188 188.0
3 Border 3 30
Class: occgroup (Mom) .‘l'“ Visualize All
209

188

i NOEKNIOj N1 OL h Hypé 807 Ok B \VERMN itk 6 & B

Selected attribute
Mame: activity Type: Nominal
Missing: 0 (0%) Distinct: 10 Unigue: 0 (0%}
Mo. | Label | Count | Weight |
1 HH 25 25.0 [
2 GG 74 740
3 BB 102 102.0
4 ETC 34 340
5 DD 30 300
6 FF 15 15.0
T OAA 9 9.0 K
8 CC ar a7.0
9 FF 19 19.0 [v
Class: occgroup (Nom) vJ[ Visualize All |

102
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Selected attribute
Mame: f_income Type: Nominal
Missing: 0 (0%) Distinct: 3 Unique: 0 (0%)
Mo. | Label | Count | Weight
1 Low a7 97.0
2 MWedium 192 192.0
3 High 111 111.0
Class: occgroup (Mom) V“ Visualize All

i NO E KN 1D N1 OL h Eéircowds | iy OxHKENG no#hkey BN T
WEKA

Selected attribute
Mame: m_income Type: Mominal
Missing: 0(0%) Distinct: 3 Unique: 0 (0%)
Mo. | Label | Count | Weight
1 Medium 169 169.0
2 Low 150 150.0
3 High 81 81.0
[CIass:occgroup(Nom) 'J[ Visualize All J
169
I

150

i NOERNIDj N1 OL h BMéihcoi@esd [Ny @K KEN]nErk GRIJEN
6] KWHEKK J O
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Selected attribute
Mame: f_job Type: Mominal
Missing: 0 (0%) Distinct: 6 Unique: 0 (0%)
Mo, | Label | Count | Weight
1 Eic 61 g1.0
2 Free 1749 179.0
3 Comp 51 51.0
4 State 17 17.0
5 Gover T TT.0
6 Agri_fish 15 15.0
[CIass: accgroup (Mom) .']l Visualize All

17d

7

61
a1
I . R

i NOBKRNIOj N1 OL h E&gde @) T Ok & INGEKA N i & Ia

Selected attribute
Mame: m_job Type: Mominal
Missing: 0(0%) Distinct: 6 Unigue: 0 (0%)
Mo. | Label | Count | Weight
1 Eic 95 95.0
2 Free 165 165.0
3 Comp 47 470
4  Gover 67 67.0
5 Agri_fish 16 16.0
G State 10 10.0
Class: occgroup (Mom) ."“ Visualize All J
165
]
25
|

7
47

16
- I - =
—

ij NO E KN IODj N1 OL h BMejodNed 7 rOrk & NEyEE AT kN En | N
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Selected attribute
Mame: statusjob Type: Mominal
Missing: 0 (0%) Distinct: 2 Unique: 0 (0%)
Mao. | Label | Count | Weight
1 Full 342 3420
2 Free 58 58.0
Class: occgroup (Mom) ‘FH Visualize All

i NO E KN IDj Nt Ol h Beatej@®df d O L EBhHHKNAEN
El 6 WERE KJ O

Selected attribute
Mame: jobcat Type: Nominal
Missing: 0 (0%) Distinct: & Unique: 0 (0%)
Mo. | Label | Count | Weight
1 Comp 260 260.0
2 Free 80 80.0
3 Gover 37 370
4 State 12 120
5 Org_inter 9 9.0
6 FEic 2 20
Class: occgroup (Mom) 'H Wisualize All
260
I

--_12

i NOEKNIDj N1 OL h Elcobd:al\ell J O K& |- KBNEONijH kEANA | 1
6] KWHEKK J O
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Selected attribute
Mame: talent Type: Nominal
Missing: 0 (0%) Distinct 10 Unique: 0 (0%)
No. | Label | Count | Weight [
1 2 3.0 [a
2 H B 6.0 iy
3 A 208 208.0
4 B 81 81.0
5 D 51 51.0
6 C 25 25.0
7B 8 2.0
g8 | ] 6.0
9 K 3 20 [*
Class: occgroup (Mom) "J[ Visualize All

I — .

j

NG
gnl

Selected attribute

I
25
-- ; :
E—

9

~

I h HaldiNed!
&1 ET

j
nHFI

Kéﬁlaﬂ\lel neH kNAJ BK| (

~ o~

N 6] KOEKJ

Mame: workplace

Type: Mominal

Missing: 0 (0%) Distinct: 7 Unique: 1 (0%)
No. | Label | count | weight
1 Bangkok 324 3240
2 Central 46 46.0
3 West 15 15.0
4 South g 8.0
5 MNorheast 4 4.0
6 MNorth 1 1.0
7 Eastern 2 2.0
Class: occgroup (Mom) vJ[ Visualize All J
324
]
46
[ 8

i NLEKNIOj N1 OL h B

6| KWHEKK J O



Selected attribute

Mame: salary

Type: Mominal
Missing: 0 (0%) Distinct: 3 Unigue: 0 (0%)
MNa. | Label | Count | Weight
1 High 21 21.0
2 Medium 356 356.0
3 Low 23 230
Class: occgroup (Mom) VJ[ Visualize All
]
|

1

i N1EKNIOj N1 OL h Baldii® 1J O & IE

~ ~ A~

23

T AHANWEKAS ] KOEKJ O

Selected attribute
Mame: time Type: Mominal
Missing: 0 (0%) Distinct 7 Unigue: 0 (0%)
Mo. | Label | Count | Weight
1 Mow 122 122.0
2 Ten 11 11.0
3 Four 106 106.0
4 0One 131 131.0
5 Sewven 9 9.0
6 Current 18 18.0
7 More 3 3.0
Class: occgroup (Nom)
13
113 ]
]

Ij NlEﬂlﬁNI(Du Ni OL h
6] KWBKKJ O

70
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Selected attribute
Mame: match Type: Mominal
Missing: 0 (0%) Distinct: 2 Unique: 0 (0%)
Ma. | Label | Count | Weight
1 TRUE 252 252.0
2 FALSE 148 148.0
Class: occgroup (WNom) "“ Visualize All J

148

—
X 10ij N1 OL h BattdNed IOk &EINE d rjift 1 iSENIT
HAVEKAEI 6] KOEKJ O

Z

1

;3
T

Sy DX

&l E
Selected attribute
Mame: knowlege Type: Mominal
Missing: 0 (0%) Distinct. 5 Unique: 0 (0%)
Ma. | Label | Count | Weight
1 High 111 111.0
2 Medium 144 144.0
3 Most 91 91.0
4 Low 38 380
5 Least 16 16.0
Class: occgroup (Mom) VH Visualize All
144
|
111
I

ij N1 Eh,ﬁl]dld)ij NI Lh K golvI B @ Ifi j@x ENKEN A

- v

LNENT AroKnj Tl IJN|] KWEKAET Q&g 6E

o]
- -
A
.

I K
I

N

i EN
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Selected attribute

Mame: gpaxnormal Type: Numeric

Missing: 0 (0%) Distinct. 289 Unigue: 19 (5%)

Statistic | Value

Minirmum 0

Maximum 1

Mean 0.549

StdDev 0.209
Class: occgroup (Nom) vJ[ Visualize All |

34
[
15

1
0 0. '
i NLEKRNIOj N1 OL h EBpadxngrin@dh I Ok EBEAKH © Gk I
53 Drl LSNOKREENKLWEKANKNARAT ] KNGGN
Selected attribute

Mame: oldgpaxnormal Type: Numeric

Missing: 0(0%) Distinct: 84 Unigque: 21 (5%)

Statistic | Value

Minimum 0

Maximum 1

Mean 0.611

StdDev 01492
Class: occgroup (Mom) vJ[ Visualize All |

1]
0 -53
] ]
35— a1
1 i)
13

3 3
Ij INL B KN 1Jij N1 O L h E)mllgpa mn@ll &Jl CE<eor]E1=KKhnoBSH

~

GPAXKEOKN] T 6ANIJENIFT 6 AMEKNA NE|l NKNhH T
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Selected attribute
Mame: occgroup Type: Mominal
Missing: 0 (0%) Distinct: 5 Unigque: 0 (0%}
MNo. | Label | Count | Weight
1 C3 26 26.0
2 H8 143 143.0
3 Al 198 1958.0
4 B2 29 29.0
5 FG& 4 4.0
Class: occgroup (Nom) 'Jl Visualize All

102

. _

ij N1 EKNIOj Ni OL h Béchrodfoil i rOx lEKéymE W MNEIT
6] KWBKKJ O

'Kk AEENET ARIT hSNOIT NI ENK&eSNOIT E
ENKLNEI N} KNGGNT KihOé HNGISBA Héeh ®DT
' KNI ] KN& § KON 2 i&NENEBNEe o J Ok ET |
0 K Arpinink)@BFOS REX NIodon JRITICHE MinOwi h & &l T §
[ h LTesting)@ B@ & NI NOOKAINTISINENK e nh ok NI

énhokIIOBd NEKH E INBINK FEN EPNBES| AT &l &inr ] LN
ENT ENKOKNDFEFINgnIr éFrETAELNE]I NOK N¢
o MEERNGNBITh b eEeh EDRHBESSh E®RDN
jﬁéSNTlTJNEGﬂeEerpwﬁﬂm@ﬂmmnﬁmM«
OT NrF EENEI NEJAENGEIEE ®RONI OK RS NT|
éSNTiTTﬁ'olKJNEoEN|m10|NE|n|01|
LNEj K E 606ENReél NJj Nhi1 kK Nh ceh ©
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faulsSada ﬁﬁLLﬂ‘iL%ﬁﬂEj:u
3 = = = r-T-3

1Lin3rlzadoui 1Azt

= N . =
2 \nsAlaGeasay (GPAX) 2 @ fisen
3 Guiowdldadudadiou 5 Jain
4 3alfidavaRay 3 INA
- L - r-9
5 3alfuIRHaFa 5.0fid
6 3zzslanI A & 385udn

7 fiansueedndeuiirednmniian
8. 273wl
9. 218w
10.A0TULAMATII
11 U3z
12_ﬁmﬂ’:m?‘;’m’:’mﬁ’u:lﬁﬂ'ﬁLF‘i':rﬁﬁ:hﬂ“.'.-’*.’lﬁw,;
13 A3
14 3w iafivinau
15 ruivimsaivanfidudaviol
16 ansmhanufrnaw sz andlEfuanuiii

el

- ~ - ~

i NIPBREgOA] Lnl T ineéklnri NENKHANENE

&0l JOkeSNOI Ej KNGij I cch©®06 | rJrl E&N
TSNJlNMBgLG&NernE@ﬁﬁfp} ENKDERKEOhD & BNE
el NJLAJ i Al 1 qEaigeth ol NEB|OR N i NEL a\|J
el NJLndr Al 1 QEAT KNG nENENE, & RESRK | NTRHE
kKhél Nheén#Hkn EIHNeGIJDNiﬁENK@Nm !
K NT linfpGlathAttNou@EQRLisSubseé®@ar E& No | RT E N Kk

éenHAkNE|l ANENT OEénhtlnl hn? Ok Nénhok
heljol el NeT qENEQT O @& B N K T Sinedh o Ik 150N
e n H KINIE ' Nl GRinAttrbule EVEFsStbSetBvaIR B n é n h 6
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& N RIA N K LT K9 {aeeling piaSeiR 1T B k ID N R &

I A KEBKNNENSING I I NI Eé el J Ok 6l N)r k NG
T KROerNST KNHéhn OGOIratBin Noch ®EN] L SR
I N& KNo@I TTaxs2e | J Ok é 2pdtrk i InFHIRHENB &l & i jh &
Occgrddipe Bl J O k E kGijnrg RN Frailiodt)d §) | NN O&ENNE L1 ]
601 e NK& S NI Jer 1 carbided@orasts 2Neukake O
Netwotki QR T &ldive BaDds TTShNKEFNEK] Kn 7 1 ISKING INN
NEK 17

&l

(
Ok NI N6 e KNNT qj k k 1 18 EKINRGENK N
OT 7T 6 BNk MeEBSNNK H NEFEENIKN € | N Actue@yl) Bk E
6 €& kK Nr I NMe&nJAbsOldEmor:GMB)r | O &

é
i\
UEl

~ A

& n RIEINIKI] TKiNro QBNdluptiorpBae S 818 NE OF
[ i neodHEBE N K L KMtk QgHiE M6 S MK N KE @1&n E & el
] KNLNT T NijN |l@fd3IoECIrl}BsilloEatBimjl KR HAERAYEK N LT NNIT
OV 7 SSWENE@® E | KN ijI & e1aindkinees N TEINIKe
O B3 PIRKILTEHORANT & EOr T hoK DTN Fadr S RN T.
I rIrnled eNNIE EnoNGEIR@E Jhi@ik TonKr &l nJ) BANAIT NiH
KNLNT TINGORNEl NI T qQaRrBjedrE & it NEOIT N E1Sd
SNOAcEa®Y) DOk OB e NePpin@ETn®leE INT ré k N
G Maam Absdl&te ErroriMAE)F I A h ENKEKN& Nj & E
| NJLSNenGgl nl énNTarl SNI Nj OFf NEJn
AT & @M & 1T @&l KN HitgsN(Depandest Safhpléd E RS
NKT h k| Gperif@&n DKFHj Kk 6T 1] 7] KNLNT T N

C

—_(

[T |T|< M- Oc ¢ — O<

ENRIENKI & DépyEEEORANd) DR &8 & k I E
M NT T N ijT N @ knihIGikedill 1 JSING BAK &INE INA N
C()Ei bpbital UsedinterkadF GUI)T S NI NN 1S INK K

Oé

LI

N

A

HN6T KNHehnOJI NI NTj Nknj LNk
TTNIJel NJIrnEr P ®TnAardnlnl KN
19 Nknj LNk] NEK

'Z —C S G 2,

<—l>O§_zCD'_
—..—(x



76

T ENKLKONEOKNI AnhlT NOT T I
NKO LT FTnkFNENK] Al fr | Knl
FOJIKOBGHhPLNDOT KN& NKJ C
r Weé mu{” @ ik@AERI- L Sk 1T OF EEKNOK LI S
INKLT 3T LOBRE NH&I KAKGHBED
NGENKOInIFIGNIkNJTKNEh
Néenj E | KNOhRI 6 TDRIFNéGIé@mle
(Item objective congrueize igdex) SNIN|] Kni ] KnEOEE
el NI LB GkeNkéed NI ST Aarj ET
] KNG GNIGKKNHE RO
| KNEAL It ®&10je @t

L n181dnidrOx T Aarl el €l Ej O6T 1T O7 T |
| BENOI NGNG6T OIJAKAE] HNO ] RT é SNT NJ ¢

Ln2OTTT Al T NISGERTr ] I EAT @1 NJ 1 nE
/| 861 0J n J NT KNKRhdgSdaMET |K KON gD Ko Ui GD q
I Anhél NI n3eiNIOES e E@EINIENDE é*NGD 6 & (
Ok NOTLEONPT hodmhjoOel N& Bh @SINOE B lj &
I E OV T Ok (DESNMEENAT héknCH (Eitaisid NET1od INRJF T
(Correctness)

L n3&ia-mrtd | OT Nk Rr 1T Of

&

ml

D¢ .
= = OQ Z

@O\(D
Cy» X ot

~

S
r KEO Jnr I OEE
JEI Ne%% 6 BB EE |ANNKGA 1] TLINIKT]

J
E

—_(

AL'T NT NT fir E§OCEI ENKI NogéeKNNT geéeel Jo
AL 7T NT NLSNIKatT i NoéeKNNT gk NI A
4 | , 1 OENKI nhén Needrand i nQBELT JoR NEKe

Jotdlumbefinstancesg
AccuraCCorrecﬂ,yassﬁmiancg @)

Total Number of Insta@cBde G N 1T |
Correctly Classified Instinige@ NT |

ol
Ol

—_—( —(
M¢ (D¢
Cy Qo
O O
A X
—_—



77

A1ENKI nheéenNeéel NeanhbsbluiecErdd (MAH)
hnEIY ENKT fir O
MAE T L17- v (3)
Ghfl0 neO@N NI Ar eh©ENEOTT &S
yé@[RTénNThréTeéKNEO
41&NKLI i LJJ T NapN(Depéndedt Sawwle) E h
JENKI fr O

/\

ab

t= 4
G 27 S
(n1) i ) i
8 INBRINBLITAL | Y T Ar e3IEOIST] KN
I nj LSNenG
D eDIé(ﬁN!KTnNEKNI’I'r] EéOne
N enNkSNIITEknpnJT A IIIr]NEI’

427 NT NLSNIKAaT I NoéeKNNT geel Jo

420 n § 1 0 éloc dntdek of kerm ObjeEtide Confruehce

I N 0@ KRR KWK | nkGgnIN2F48 i I (8% WK IOT fi L O T °

T hnrj 000§ nr BlingNN Goe i T@HNIsEomR deRESINIE ITNER]

e@® n E& 6 06 Mpa MFREINd HNNGHhIBIEINFEN& N é
&nh)] KNLEeqQOk NT KET NJo6T DRI T N

|oc:"W (5)

oJame M@ T néel NJLI hék ©F E

aF eN @Kl JeNOI T éil NIJeNRhoT |
D éenkENIIT)Ooesgnrji gNG



/8

€ ©F J Ok I NiBelnT NRieentBoRSER N (AficimeROERNI O
I KN I8In NEIBKEmiN@AENKEKNE NJ & (SOl J
6h] COBOGCGOUKEEKRNENARROKRIRB[KHGT 61
g J OL,R54@) NE INm R

enNSIGORT NJOT NEOIRel NI I nEI | E
én 86i@bmi Mj@iedn NG 1 nEi1 | E&T nl EN
éen RsIBEHT NJOT nNEOJRnel NJI nE1 |
énNsIRBMT NJOT NEOJRneéel NJI nE1 | &
én NOBBHTFNJOT NEOIneéel NJI nE1 | E

4.2@ n N PSdeiftagilIOl en NL T N
T ©f EENKEAT el NJTnr Ol&Nh 668
hnEIY ENKI fir O
f
P:—N310 (6)
0 PRe @@ NKel j k N
f enm@NjTﬁrTh;|erEENKéjp
N eRI@SNIITeéelN I ARETI J

(@)
—?
-
—

43.8 n NOEOKNG §.0BR BB KZTNENKT nr O

ax

(X_W (7)
O PNOMIOQ N6 Gk iir |

OXORAOXY @ Ki Jelr Eeol JOkl ARET .
N eNRBAGNIIT|] O6E§OKNT T



79

,

A3.6 nOL Mt J Edandard DelidnNSm®Y J,OL K |
2548) n E I8 ENK T hr O

o p X - @xXP (8)

n(nl)

06JNEBOIF OénNLni T 67 nAarj ESTI
OO@)@O&O’DjOIRKI JelE&Ol JOkT ARET .
OO0HS BINPKk KI Jer Esol JOokOT nk N
N énK@SNIiTj O6EH OKNT I



80

PRIC —¢
-2

— A AN~

eHNO| KNHehF[G)EII\,‘E{BBE,IBEB”!nPﬂ&Il@]hJGTEMkIHI}B&K
I N&@ EKMo@ B SDg2 in Ak nKENERR ehlall Gk T N6 T ] 1T
E N K2@&neEl INO k ij6NAl § ROEMS i 0K B NLEhEEGINWN O N6 € k
éenhokNI Eén Hk A ERaRtNn FodekiskdefdNSviotk J N
Ok NoNaieBayesOr '] KNj nET qQE§O6T1 €1 Né ¢
] KNGGNT KnOéHN6T KNHehf®RNE&T NEEN|
6rJdnkrE&elr JOokT nr JGK N NN I NNij ) Nk NIEN
6hjj Ol Néngra e N OhIRIE]T KIERNKI N6 é K N
1Dk ENKeé A TOXxWNIBl K& wwod B #N NT RENKen

1/ ENKénf h o Kk MioGanAttibuieBEfhl e Nd lod |f 1 &
| KAT énNENKeé A& § 1TI1E & ek e BHh i N O ik

T NKMEG&kMNO I 1] hENKO k NihfdShitAftribudeir\lE N |

Attribute Evalua Method | Crossralidatio Configuration

InfoGainAttribute| Ranker Folds 10 weka.attributeSelectio
-T-1.79769313486231
N-1
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Attribute Evaluator

Choose | InfoGainAttributeBval

Search Method

Choose |Ranker -T-1.7376931348623157E308 -1 -1

Attribute Selection Mode  Attribute selection output
() Use full training set average merit average rank attribute
(®) Cross-validation Folds 10 0.213 +- 0.008 1 + 0 14 talent
0.17 +- 0.004 2 +- 0 13 jobcat
Seed 1 0.107 +- 0.004 3 o+ 0 7 activity
0.092 +- 0.00& 4 +-10 3 minor
— 0.084 +- 0.004 5.5 +- 0.67 19 knowlege
| (Nom) occgroup r 0.08 +- 0.007 & +- 0.89 2 majnr
| 0.0y += 0,009 T.a += 1.189 11 m _job
| Start ] 0.0687 +- 0.008 B.2 +- 0.98 10 £_job
0.0683 +- 0.007 B.7 +- 1.55 17 time
Result list (right-click for options) 0.057 +- 0.004 10.3 +- 1.42 15 workplace
23:30:03 - Ranker + InfoGainAttributeEval 2.053 +mg.one 188 0,85 18 manen
—— . = 0.051 +- 0.004 11.4 +- 1.11 12 statusjcbk
0.044 +- 0.007 2.9 +- 0.83 5 hometown
0.035 +- 0.004 13.8 +- 0.4 1 hornor
0.02 +- 0.003 15.1 +- 0.3 4 gender
0.014 +- 0.003 16.2 +- 0.6 g f_income
0.011 +- 0.003 17.3 +- 1.1 16 salary
0.009 +- 0.003 17.9 +- 0.54 & type
0.008 +- 0.002 8.5 +- 0.81 9 m_income
a +- 0 20 +- 0 20 gpaxnormal
a 21 +- 0 21 oldgpaxnormal

ij N1 7 1 E DK e 1 h ifeGainAftébgiBdathed Remkdr NT i1 O
O
000 0QAB NK é n h thORIFEEeSetEwn € N FINA

I hENK
énhok Nl E ey il fNEONKe BTh N kK NDE

-~

Erern Gt

T NKKEGT &MNO F 1] h ENKO k NGfsBybsetEvae n NE N |

Attribute Evalug Method Crosglidatio Configuration

CfsSubsetEval | BestFirs| Folds 10 weka.attributeSelectioA B¢
1N 5
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Attribute Evaluator

Choose | CfsSubsetBval -F 1 -E 1

Search Method

Choose |BestFirst-D1-M4&

Attribute Selection Mode ~ Attribute selection output
() Usefull training set nurker of folds (%) attribute
(®) Cross-validation Folds 10 of 0 %) 1 hornor
Of 0 % 2 _ma-or
Seed 'C. 1( 10 %) 3 minor D
af 0 %) 4 gender
[ of 0 %) 5 hometown
| (Mom) occgroup "J 0{ 0 %) & _tvpe
' 'C. 1( 10 %) 7 _activity....)
l Start | o 0 %) g2 f_income
of 0 %) 9 _m_income
Result list (right-click for options) 11 10 %) 10 :.fjcb
; 1{ 10 %) 11 m job
01:13:05 - BestFirst + CfsSubsetEval 1( 10 %) 13 Sgatusjcb
10{100 %) 13 jobcat
10{100 %) 14 talent
1{ 10 %) 15 workplace
af 0 %) le salary

of 0 %) 17 time

9{ 90 %) 18 match

C 2 20 %) 19 knowlege )
of 0 %) 20 gpaxnormal
af 0 %) 21 oldgpaxnormal

ij N2 [ & E DK e n h 6fsShiscficdetiedBestFisN | NT 1 O

i K1 I E KR & 1) G K 1E I S (T DR j

h K EN
L NJ N K6@ew & I En mgﬁrﬁeﬁmml\l\g@mﬁ@m KJé

6KEOKR] T BANKK & jjeki Ak i KORETI N L N
ch®ENBENKJ NKT T S Nied | INKIKKNG &) SONKETL ARNDNE
CfsSulised N J N KTk nhid KWMMM@IWIK@
&1 E6 KEOS Kij3) NN B9 & BLSTMNKI rinij NNAIHENEE K 179 ¢
T n\HK NS ij&l FEENmE N Nﬁrecweel NJ B K& NKENIT K
S NETl B MENENT § NENB N TeKr CAEROHE RITRIE NK T r
I SNel VHAEREBEENE DD EE H@&EH G F ANTI BT 1T iSrNIJ
Kni JEAT ENKlGajnéﬁh KNFEOeh®hnET NK
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T NKOEKMG ® 01 nj 7 E NHoSairintrieu@EEE N HR 6 |
CfsSubsetEval J E n NétiSéeidm e nh o k DI EO&

Feature Selection (3)
Attributes (1) (2) NoR
(21 Attribute{ InfoGainAttribut¢  CfsSubsetEva Selectior
(6 Attribudes (10 Attribuxes

o

. hornor

. major P

. minor P P

. gender

. type

. activity P P

. f_income

1
2
3
4
5. hometown
6
7
8
9

. m_income

10. f_job

11. m_job

12. statusjob

o

13. jobcat

14. talent P

U] Ul U U] U T

15workplace

16. salary

17. time

o

18. match

19. knowledge P P

20. gpaxnorm;

U U U U U U 0 U U U U U U U UV U U U U T

21. oldgpaxnao

22. Occgroup & ©1 J Ok E k n n JG ¥ GFSIGTRIGS)I
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1.3 KENKO | KAjJ T 6T njiT ENKéenhokDnDI
ENKeénh o k DIl NFuGyidntribuic RUsbESBVAl n N
Ok NENK eeJ n(HofiBetectith N EIKHK KB] FKNO] Kn
6 J NI E érRatddnCrarbeaNieNrabl etk éNdivee Bdyes D
T NKBET Ay

T NKREENKO N6 e KNNI Qo] KA]J T 6T 0] 7 & NI
1061 1 Né

Modelg Feature Seled Attribute Accurag Parameter
(1) InfoGain 6 70 | weka.classifiers
Rando
Forest (2) Cfs 10 67 |andomForestOd
(RF) (3) NeBelectiof 21 71* | 12munslots K (
M140.081
(1) InfoGain 6 71* | weka.classifiers
Neural :
(2) Cfs 10 70 | ns.MultilayerPer
Networl _
(NN) (3) NeBelectior - 21 69 | n-L 0.3V10.4N 50
VOS GE 2¢H 1
Naive | (1) InfoGain 6 67 |weka.classifiers
Bayes | (2) Cfs 10 68* |NaiveBayes
(NB) | (3) NeBelectiof 21 62

& NET1BEXINFEH jrik ki 1 T QENKI N6 é KNNT ¢

01 é BNIE®SE N&O &Ejor H DiridingRMEDI I Ok
6T AjT O61 Nrt LKBNEOT T SNkl EOk NI
h & O | (TebtigD NUAMI Ni AT i1l @ NOE N K &8&a8 hJEGekn] £
8 INK ce NorBefettiortEDRKNE @ & & Onfo addttiude Eval H
JneéenNe&ll ¢NHEDES MNIEGEK BEJ N KB E & KK N
CfsSubsatE
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[
| NH Mk BNKI N é KA/Br&gE[67) eKIIN ki 168 THF N TeNyj |
l

ENEENKeéenhokNIFEen®Bah&l MAT Al O] Kh €
Models Feature Select| Accuracy MAE
(1) InfoGain 70 0.1903
(2) Cfs 67 0.1957
Random Forest ,
(3) NeBelection 71 0.2066
Averag 6% 0.1975
(1) InfoGain 71 0.1817
(2) Cfs 70 0.1806
Neural Network |
(3) NaBelection 69 0.1870
Averag 700 0.1831
(1) InfoGain 67 0.1831
_ (2) Cfs 68 0.1806
Naive Bayes (N _
(3) NaeBelection 62 0.1804
Averag 66°) 0.1814

& N E T180K Nn B RKIKk@d) 1 KT fi@verage) ni] & SNkNF-GES
i kT nrJneéel NJ7T OET ©F E&E NEEINKIémK® Ik &
Neural Netdoike | NJ 7T OET ©F EJNET Ar Lnhlifr
, | 61/ OKRaRdonk Bdtgss] il noelneNeNeNd 7 OET O
0ekNr T LIYT OKMNaeBaygsrej] NI @E]T /OT £
enNeéel NIdk OK&gaBrkArjIiaroO. ,/6/ 201
20 KENKI nhT NOKkNS | KAaji1olajiv O T &SN
ENTji Ol nN & fif] Rdem & TEA ’kKINE n K FETNEKE KERNG
| AOR BOK N 5117 etdadibél Goredts. ® & [dlduidleNenivork]
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2.0 1 ®andbi ForeGttRF)] KnT én N1 NKN
weka.classifiers.trees. RadbotA@#Bstyslots K OM 1.4 0.08 1

Classifier

Choose |RandomForest -F 100 -| 127 -num-glots 1 -K 0 - 1.0 -¥ 0.001 -5 1

Test options _ Classifier output

SLEELILIET CrUSS-VallUdLliUn ===

Summary =

() Use training set

() Supplied test set

@ Crossvalidation Folds | 10 écrrectly Classified Instances R 56.7857 %
Incorrectly Classilied Instances 1T 43,2143 %
(_) Percentage split Kappa statistic 0.2729
Mean absolute error 0.2182 3
l More options | Root mean sgquared error 0.3508
Relative absolute error B4.9656 %
S Root relative sgquared error 97.8829 3%
| (Nom) occgroup v J TIotal Number of Instances 280

Start | === Detailed Accuracy By Class =——=

Result list (right-click for options}) TE Rate FP Rate Precision Recall F-Measure MCC ROC Area FPRC Ares (Class
0.167 0.031 0.333 0.167 0.222 0.187 0.551 0.184 c3
01:55:2 ndomForest 0.570 0.182 0.609 0.570 0.589 0.395 0.737 0.648 HE
0.756 0.48 0.593 0.756 0.664 0.280 0.862 0.842 21
0.000 0.031 0.000 0.000 0.000 -0.054 0.805 0.115 B2
0.000 0.004 0.000 0.000 0.000 -0.006 0.a30 0.285 Fé
Weighted Zwvg. 0.568 0.299 0.517 0.568 0.535 0.277 0.6874 0.554

=== Confusion Matriz ===

a b ¢ d e <-- classified as
4 2 17 1 o1 a=0C3
1 53 34 3 o b = H2
5 23 102 4 11 c =21l
2 9 14 1] o1 d = B2

ij N2 § fift ©O I ThoPNEK ®KPENKeed& kNI Eeén
InfoGainAttribufe Bvial Epmiorm Fofest € O
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Classifier

Choose | RandomForest -P 100-1127 -num-slots 1 -K.0-M1.0-v 0.001 -5 1

Test options Classifier output
(_) Use training set === SUmmAry ===
= . |
(®) Supplied test set Set.. | Gcrrectly Classified Inatances 70 70 H )
L Incorrectly Classified Instances 30 30 3

) Cross-validation

Happa statistic 0.4257
I_) Percentage split Mean absolute error 0.1303 )

Root mean squared error 0.3073
L More options.. | Relative absolute error 78.5246 %

Root relative squared error 91.4876 %

— Total Number of Insatances 100

| (Nom) occgroup ¥ J
: === Detailed Rccuracy By Class ===

Start |

TF Rate FF Rate Precision Recall F-Measure MCC ERC Area Class
Result list (right-click for options) 0.000 0.000 0.000 0.000 0.037 C:
0. 0.683 0.691 0.481 0.734 H&
01:55:21 - trees. RandomForest 0. 0.724 0.750 0.434 0.758 Al
02:01:56 - misc.InputMappedCla: a. 0.000 0.000 -0.021 0.105 B2
a. 0.000 0.000 0.000 0.200 Fa
Weighted Awvg. 0. 0.664 0.882 0.426 0.710

=== Confusion Matrix ===

a b c d e <-- classified a3
001 0 0] a=2C3
02812 0 0| b =HS
0l142 1 0| c=2l
02 2 0 0] d=B2
0 0 1 0 01| e=Fé&

i N2 O hO&el JTeudRP BN ERRenh Ik NI F
InfoGainAttribufe B vial BRpmilom Fofest € O
ENRAOKRNEN L kEENKI T e NJT OET ©

KNGijT &6l J Ok Waligd T & MaKINDE 68§ R 1O |
LI NIt rER Lon | Tegtingod3e A M aded H 1E N K

—)  C—

o

A h 6 k N E énfpGhinAttbléaBwiEEaRBNdeDorestd n N

T 7 &SNk I E TestindBoed ghyIni 2 16 el éilr NG g ¢
S - X .

T OKeDGIo Gk nrj I nroO. , 1/
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l Choose ”Randanorest -P100-1127 -num-slots 1 -K 0 -h 1.0V 0.001 -51

Test options Classifier output
O Use Uainiﬂg set === SLIELIrIled Cro =VaLIudrIon
=== Summary ===
() Supplied test set Set...
@ Crossvalidation Folds |10 Correctly Classified Instances 150 57.1429. 8 )
Incorrectly Classified Instances 120 42,8571 %
O Percentage split % Happa statistic 0.2722
(|__M§an absolute error 0.2167 3
l More options.. Root mean squared error 0.3378
Relative absclute error £3.9997 %
Root relative sguared error 94.2691 %
{ (Mom) occgroup ‘v Total Number of Instances 2e0
T stop === Detailed Rccuracy By Class ===
Result list (right-click for options) TP Rate FP Rate Precision Recall F-Measure MCC ROC Area PRC Area Class
0.125 0.023 0.333 0.125 0.182 0.161 0.&00 0.258 C3
0.538 0.171 0.810 0.538 0.571 0.379 0.763 0.872 HE
0.785 0.503 0.582 0.785 0.475 0.293 0.693 0.674 1
0.000 0.035 0.000 0.000 0.000 -0.057 0.842 0.133 B2
0.333 0.000 1.000 0.333 0.500 0.575 0.976 0.548 F&
Weighted Avg. 0.571 0.305 0.527 0.571 0.536 0.282 0.707 0.583

i N2 HRAhO&Ol JrantgNTIoBmY ENIKOOORO k DI E

=== Confusion Matrix ===

a b c d e <

3 1 16 4 [ a=1=C3
1 50 38 3 o b = HE
2 25 106 2 [ c =2l
3 & 16 1] o1 d=B2
o a 2 1] 11 e =Fé

classified as

CfsSubsetEva] Epaion Fofest ¢ O

Classifier

{ Choose J|RandomForest -P100-1127 -num-slots 1 -K0-M 1.0V 0.001-51

Test options Classifier output
(U Use training set === SUEmAry ——

(® Supplied test set Set..

(U Cross-validation Folds 10

(_) Percentage split %

{ More options...

l (Nom) occgroup

Stop

Start

Result list (right-click for options)

i N2 B hO&ol JTeRRPFBULE ERREenh Ik NI E

Correctly Clasaified Instances

67 a7

Incorrectly Classified Instances

Kappa _statistic

33 33
0.3854

Mean absolute error

0.1357

Root mean squared error
Belative abaolute error
Root relative squared error
Total Number of Instances

=== Detailed RAccuracy By Class ===

TP Rate FP Rate
0.000 0.020
0.6875 0.217
0.741 0.342
0.000 0.010
0.000 0.010
Weighted Avg. 0.670 0.275

=== Confusion Matrix ===

a b c d e <-- classified as
00 1 0 0l a=¢C3
12712 0 0] b=*Ha
11140 1 1] ec=2A1
0 2 2 0 0] 4=B8B2
00 1 0 0] e=F§

0.3081
20.7621 %
91.7272 %

100

Precision Recall F-Measure MCC ROC Area FPRC Rrea Class
0.000 0.000 0.000 -0.014 0.826 0.0268 C3
0.875 0.875 0.675 0.458 0.78 0.737 HE
0.714 0.741 0.727 0.385 0.736 0.750 2l
0.000 0.000 0.000 -0.021 0.719 0.08% B2
0.000 0.000 0.000 -0.010 0.870 0.250 Fé
0.656 0.670 0.663 0.385 0.755 0.708

CfsSubsetkEtva] ERpmiom Folfest € O
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Classifier

Choose |RandomForest -F 100 -] 127 -num-slots 1-K0-M1.0-40.001 -5 1

Test options
(_) Usetraining set

() Supplied test set
(® Cross-validation Folds 10
(_J) Percentage split

{ More options..

| (Nom) occgroup

Classifier output

SLLELILIET CLUSS-vallUaLlun ===

=== JuUmmary ===

7 e .

é:crrectly Clazsified Instances

Start |

Result list (right-click for options)

15 - trees RandomFor

163 60.3571 .8 )
Incorrectly Classified Instances 111 39.68429 %
Kappa statistic 0.2547
W 4ean abaolute error 0.2266)
‘ Root mean squared error 0.3359
Relative absolute error 87.8375 %
S Root relative sguared error 93.7148 %
v J Total Number of Instances 280
=== Detailed Accuracy By Class ===
TP Rate FP Rate Precision Recall F-Measure MCC ROC Area PRC Area
0.0283 0.004 0.667 0.083 0.148 0.218 0.577 0.2z
0.527 0.123 0.681 0.527 0.594 0.435 0.759 0.689
0.874 0.593 0.578 0.874 0.696 0.316 0.690 0.858
0.000 0.004 0.000 0.000 0.000 -0.019 0.660 0.128
0.000 0.000 0.000 0.000 0.000 0.000 0.873 0.142
Weighted Avg. 0.604 0.327 0.562 0.604 0.546 0.314 0.703 0.578
=== Confusion Matrix ==
a B e d g <-- classified as
2 2 19 1 1] a =0C3
0 43 44 a a1 b = HE
0 17 118 1] (1] c =1Al
1 4 20 a 01 d = B2
0 1] 3 [1] [ e = Fé

— A=
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Classifier

Choose | RandomForest -F 100 -1 127 -num-slots 1 -K.0-M 1.0 - 0.001 -51

Test options Classifier output
() Use training set === SUmmAry ===
= ; L
(® Suppliedtest set l Set J (Cm:na:tly Classified Instances el 71 E >
S Incorrectly Classified Instances 29 29 H
(_) Cross-validation :
) Happa statistic 0.4287
() Percentage split Mean abaglure Error 0.2066 )
Root mean squared error 0.3017
L More options | Relative absclute errcr 35.2564 %
Root relative sguared error 89.8071 %
— Total Number of Instances 100
| (Nom) occgroup W
: === Detailed Rccuracy By Class ===
Start |
TP Rate FP Rate Precision Recall F-Measure MCC ROC Area PRC Area Class
Result list (right-click for options) § 0.000 0.000 0.596 0.024 c3
0.167 0.790 0.74% HE
02:18:15 - frees. RandomForest 0.785 0.799 a1
putMappedCla: 0.768 0.108 B2
0.879 0.077 F&
Weighted Avg. 0.786 0.738

=== Confusion Matrix ===

a b c d e < classified as
00 1 001l a==%C3

02416 0 0] b=Ha

0 747 0 0] c=A1

0 2 2 0 0] 4=B8B2

01 00 0] e

A

i N2 & nh o6l J’@tm@@\lliﬂ(rl @D E NOKoeJ Nagiin h 6
Selectigh | ERp/ioM Fofedt & O

N N@5D K N@ed LjhkBENKE T é1 NJT OET ©
KNoij I &6l J0ok Whiiigd T & RaKnNmDE 58] R 100 |
O Jdk N It FER L n | Tedtinghode sINAK N &0 i 1E N K

J n é A h NordBelécedn )] k Egit@cr ReCEEDenONS SNk | E
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2.5 1 &ldutdléNetworE (NN)] Kni énNi NKNJ NG T
weka.classifiers.functions.Multilay€xRdroat&idY OS GE 26H 1

Classifier

Choose  |MultilayerPerceptron -L 0.3-M 0.4 -N 500-¥0-S 0-E20-H 1

Test options _ Classifier output

JLIELILIEU CrUSS-vallUallon ===

Summary

(_) Usetraining set

() Supplied test set Se

© Crossalidation Foida |10 'Grrectly Classified Instances 170 60.7143.8 )
Incorrectly Classified Instances 110 39.2857 &
() Percentage split % |66 Kappa statistic 0.3053
" lcan abaolute error 0.20?13
{ More options.. J Root mean squared error 0.3512
Relative absolute error 80.2503 %
— Root relative squared error 97.9861 %
| (Nom) occgroup v Total Number of Instances 280
Start Stop === Detailed Accuracy By Class ===
Result list (right-click for options) . TP Rate FP Rate Precision Recall F-Measure MCC ROC Area PRC Area Class
0.000 0.000 0.000 0.000 0.000 0.000 0.617 0.165 c3
function: 0.813 0.171 0.640 0.813 0.626 0.447 0.706& 0.562 HB
0.837 0.538 0.592 0.837 0.693 0.321 0.621 0.550 Rl
0.000 0.000 0.000 0.000 0.000 0.000 0.505 0.106 B2
0.000 0.000 0.000 0.000 0.000 0.000 0.155 0.008 F&
Weighted Avg. 0.807 0.316 0.498 0.607 0.542 0.303 0.633 0.475

=== Confusion Matrix ==

a B oec d g <-- classified as
4] 2 22 o 0| a =C3
0 57 36 a a1 b = HE
0 22 113 1] (1] c =1Al
0 7 1a a 01 d = B2
0 1 2 [1] [ e = Fé

ij N2 § it ©O I ThOKPRK ®KPENK&e b &k NI Eén
InfoGainAttribufeBvial e @ @l Nedwiorkl € O

Classifier

Choose | MultilayerPerceptron -L 0.3 -bf 0.4 - 500-¥ 0-3 0-E 20-H 1

Test options ~ Classifier output
(_) Use training set === SUmmAary ===
U Supplied test set Set.. 'Grrecr.ly Clasaified Instances Tl Tl % __)
o Incorrectly Classified Instances 29 29 %
() Cross-validation Folds
| Kappa statistic 0.4485
() Percentage split 6 |66 IC}{_Ean absnlute error 0‘1517__)
Koot mean squared error 0.307
| lore options. . | Relative absolute error 75.0034 %
Root relative squared error 91.4764 %
— Total Number of Instances 100
| (Nom) occoroup v J
- === Detailed Rccuracy By Class ===
Start Stop
TP Rate FP Rate Precision Recall F-Measure MCC ROC Area FPRC Area Clasas
Result list (right-click for options) 0.000 0.000 0.000 0.000 0.000 0.000 0.853 0.087 c3
0.775 0.287 0.660 0.775 0.713 0.499 0.778 0.679 HE
02:31:15 - functions. MultilayerPerceptron 0.741 0.283 0.755 0.741 0.748 0.457 0.762 0.723 Al
0.000 0.000 0.000 0.000 0.000 0.000 0.440 0.061 B2
0.000 0.000 0.000 0.000 0.000 0.000 0.525 0.021 Fé
Weighted Awvg. 0.710 0.259 0.871 0.710 0.689 0.447 0.754 0.666

=== Confuaion Matrix ==

a b c d e <-- classified a3
00 1 0 0] a=2cC3
031 9 0 0| b=H:S
014 40 0 0| c=2R1
0 2 2 0 0| d=B2
00 1 0 0| e=F&
~ d

i NEBhoeol JTékgdIRh®NE ERReNh Ok NI |
InfoGainAttribufe Bvial @de@dl Nedwiorkl € O
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Classifier

Choose | MulilayerPerceptron -L 0.3-M 0.4 -N 500 -¥ 0-S0-E20-H 1

Test options ~ Classifier output
() Use training s&t === SLEELIIIEU CIUSS-VElIUdLIUn ===
= === Summary =

() Supplied test set |

l‘ Correctly Classified Instances

. ) 162 57.8571 % . )
& Crossvalidation Folds |10 Incorrectly Classified Instances 118 42.1429 %
(_) Percentage split | Kappa atatistic 0.2541
'GEED absolute error 0.2132)
l More options. | Root mean aguared error 0.3889
Relative absclute error 82.6428 %
S Root relative squared error 102.3842 %
| (Nom) occgroup » J Total Number of Instances 280
Start | === Detailed Rccuracy By Class ===
Result list (right-click for options) TP Rate FP Rate Precision Recall F-Measure MCC ROC Area PRC Area Class
0.000 0.000 0.000 0.000 0.000 0.000 0.801 0.124 c3
0.55%  0.133 0. 0.55%  0.575 0.372  0.653 0.478 He
0.815 0.566 a 0.815 0.673 0.268 0.80& 0.528 Rl
0.000 0.000 1] 0.000 0.000 0.000 0.497 0.097 B2
0.000 0.000 0. 0.000 0.000 0.095 0.008 F&
Weighted Awvg. 0.579 0.337 1] 0.515 0.253 0.808 0.433

Confusion Matrix

a b c d e <-- classified as
[1] 3 21 [1] [ a =103
0 52 41 0 o1 b = H8
0 25 110 [1] [ c =2l
1] g 17 1] o1 d = B2
a 0 3 a [ e =Fé

i N2 BRpheol JrantgoNToEmme ENKOOOR O k DI E
CfsSubsetEva] @Ede@a Netwiorki € O
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Classifier

Choose  |MultilayerPerceptron -L 0.3 -0 0.4 -8 500-Y0-50-E 20-H1

Test options Classifier output
() Use training set == Summary ==
(®) Supplied test set Set | Cl.i‘crreztly Classified Instances 70 70 %)
Incorrectly Classified Instances 30 30 %
(_J) Cross-validation N
| Kappa statiatic 0.4186
() Percentage split E{Ean absolute error 'JJB'JED
Foot mean squared error 0.3
L More options... | Relative absolute error 74.5582 3
Root relative squared error 95.2672 %
— Total Humber of Instances 100

| (Nom) occgroup " J

= Detailed Accuracy By Class ==

Starl |

IF Rate FP Rate Recall F-Measure MCC PRC Rrea Class

Result list (right-click for options}) 0.000 a. 0.000 0.000 0.024 c3
0.675 0. 0. 0.675 0.640 HE
02:40:05 - functions.MultilayerPerceptron 0. 0 0. 0 0.841 21
02:42: putiappedCla 0 0. 0.000 0.058 B2
1] 0. [1] 0 0.043 Fé

Weighted Avg. 0 0.286 0.657 0 0.877 0.713

=== Confusion Matrix ==

a b c d e <- classified as
00 1 00l a==03C3

02713 0 0] b=H2

01143 0 0] c=321

0 2 2 0 01| d=B2

[ 0 0] e=

(@]
A
()

i NBBHBAhoOOl JTEHIEBIRF BN EOELE N h
CfsSubsettva] @de@a Netwiorkl € O
ENEJDMk NPAOhEF OENKT ALFT el NJ

ij 1 &8l J 0Ok Whiningd g & R4BINDE @ J @ |
Ok i+ EL T Oréstigon® & fladl Njog higf @ | QIhC
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Classifier

{ Choose ”MultilayerPercemmn L03-MO4-MNE00-Y0-50-E20-H1

Test options Classifier output
Q Use Uainiﬂg set === JLIErLILIEd CIrU =VdIIadLIonm
. === Summary ===
(_) Supplied test set Set
T Correctly Classified Instances 158 56.7857 %__)
Incorrectly Classified Inatances 121 43.2143° %
O Percentage split % Kappa statistic 0.2278
[‘ Mean absolute error 0.21723
{ Maore options J “Hoot Tean SqusTed £rror 0.367
Relative absolute error 84.1646 %
. Root relative sguared error 102.4089 %
l (Nom) occgroup Iv J Total Number of Instances 280
T Stop === Detailed Rccuracy By Class =—=
Result list (right-click for options) TP Rate FF Rate Precision Recall F-Measure MCC ROC Area FPRC Rrea Class
0.000 0.000 0.000 0.000 0.000 0.000 0.501 0.082 c3
0 - function 0.505 0.168 0.603 0.505 0.550 0.357 0.705 0.543 HE
0.830 0.821 0.554 0.830 0.665 0.233 0.616 0.566 2l
0.000 0.000 0.000 0.000 0.000 0.000 0.534 0.110 B2
0.000 0.000 0.000 0.000 0.000 0.000 0.113 0.008 Fé
Weighted Awvg. 0.568 0.354 0.467 0.568 0.503 0.231 0.623 0.470

=== Confusion Matrixz ===

a b e d e <-- classified as
0 4 20 1] o1 a=10C3
0 47 48 a o b = HE
0 23 112 1] (U] c =2l
4] 4 21 o a1 d = B2
0 0 3 a (] e =F§

i N8 § § h &6 TranidGENKhoadNi() H NKOBION:IN h 6 K |
Selectighh | @de@ra Nedwiork € O

Classifier

| Choose J|Mu|tilayerPerceptrnn -L0.3-MD.4-N500-YD0-50-E20-H1

Test options Classifier output
(U Use training set =TT JUmmAnY ==
@ Supplied test set Set.. Correctly Classified Instances 69 [ 3 >
O Crosswalidation Folds 40 Incurre:tly.' ]..ESSIE].Ed Instances I i
| Kappa statistic 0.391
() Percentage split 0% '( Mean absolute error 0.187 >
00T mean squared error 0,326,
{ More options... J Relative abaclute error 77.1794 %
Root relative sguared error 97.113 %
y Total Numker of Instances 100
l (Mom) occgroup r J

=== Detailed Accuracy By Class —=

Start Stop

TP Rate FP Rate Precision Recall F-Measure MCC ROC Area FRC Rrea Class
Result list (right-click for options) 0.000 0.000 0.000 0.000 0.000 0.000 0.556 0.022 c3
0.600 0.183 0.686 0.500 0.640 0.428 0.756 0.657 HE
02:51:50 - functions.MultilayerP erceptron 0.833 0.435 0.692 0.833 0.756 0.416 0.767 0.801 1
0.000 0.000 0.000 0.000 0.000 0.000 0.451 0.060 B2
0.000 0.000 0.000 0.000 0.000 0.000 0.269 0.071 Fé
Weighted Avg. 0.690 0.308 0.848 0.890 0.664 0.396 0.749 0.699

=== Confusion Matrix ===

a b c d e <-- classified as
00 1 0 0l a=¢C3

02416 0 0] b=Ha

0 945 0 0] c=2A1

0 2 2 0 0| d=B8B2

00 1 0 0] e

i N3 @ it ©6 | TeQirgioNBe TORIDIETNG &e N # h 6 k 0 |
Selectighh | @de@a Netwiorkl € O
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weka.classifiers.bayes.NaiveBayes

Classifier
Choose ||NaiveBayes
Test options ) _C|555iflef output
() Use training set === SLIGLILIEU CIUSS-VEllUgLIUn ===
9,
=== Summary ===
() Supplied test set I
- | Correctly Classified Instances 161 57.5 H
@ . C < - )
R L 0 Incorrectly Classifled [n3tances 119 22,9 3
(_) Percentage split Kappa statistic 0.2747
Mean absolute error 0.205 ’
l Mare options. | Root mean sguared error 0.3387
Relative absclute error 79.4515 %
S Root relative squared errcr 94.801 %
| (Nom) occgroup b J Total Number of Inatances 280

=== Detailed Accuracy By Class =——

Start |

Result list (right-click for options) § TF Rate FP Rate Precision Recall F-Measure MCC ROC Area FRC Area
0.020 0.444 0.167 0.242 0.234 0.2687
0.182 0.600 0.548 0.573 0.375 0.679
0.510 0.587 0.778 0.669 0.278 0.634
0.024 0.143 0.040 0.063 0.030 0.144
0.000 0.000 0.000 0.000 0.000 0.021
Weighted Awvg. 0.310 0.533 0.575 0.539 0.282 0.567

=== Confusion Matrix

a b c d e <-- claazified as
4 3 16 1 [ a =103

1 51 39 2 o1 b = HE

3 24 105 3 [ c =2l

1 & 17 1 o1 d = B2

a a ol e

ij N3 & min é)eITﬂa@ngNCﬁ ®KPENKO® O &
InfoGainAttribufe Bvial @da@eBayed N e O

Clasa

HE
21
B2
Fé

K
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Classifier

Choose |NaiveBayes

Test options Classifier output

() Use fraining set SUMmary

(®) Supplied test set Set J &C‘crractly Classified Instances 67 67 -
£

Incorrectly Clasaified Instances 33 33

) Cross-validation

IKappa statiatic 0.3344
(_) Percentage split @aan absolute error 0.1831 D
Root mean squared error 0.3073
L More options.. | Relative absoclute error 75.5601 %
Root relative squared error 91.558 %
— Total Number of Instances 100

| (Nom) occgroup |/

=== Detailed Accuracy By Class ===

Start \

TP Rate FP Rate Precision Recall F-Measure MCC ROC Area PRC Rrea C(Class
Result list (right-click for options) 0.000 0.010 0.000 0.000 0.000 -0.010  0.818 0.053 C3
0.650 0.217 0.667 0.650 0.658 0.435 0.786 0.697 HB
03:00:11 - bayes.NaiveBayes 0.722 0.348 0.709 0.722 0.71€ 0.375 0.754 0.795 21
0.500 0.031 0.400 0.500 0.444 0.421 0.779 0.1284 B2
0.000 0.000 0.000 0.000 0.000 0.000 0.747 0.038 F§
Weighted Rwg. 0.670 0.276 0.666 0.670 0.667 0.393 0.769 0.716

= Confusion Matrix

a b c d e <-- classified as
0 0 1 0 0] a=4¢C3

02614 0 01 b=H:

111338 3 0] =521

0 2 0 2 0] d=EB2

o0 0 0] e=

i N3 § it ©O 1 TeQiRgIONBER TORIDIEING& N h 6k N+ E é n
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Classifier

| Choose J|NaiveBayes

Test options Classifier output
() Use training set === SLrELILIE0 CrUSS—VvallUalion
B === Summary ===
() Supplied test set Set
- o . 1 Correctly Classified Instances 163 58.2143 %
(®) Cross-validation Folds 10 T T T T T 3
TICCILECLIY Glasslrled Instances T IITETE
O Percentage split % 66 Happa statistic 0.2983
Mean absolute error 0.1969 )
t More options. J TOOT NMean SOUared error 0.3304
Relative absclute error T6.3272 %
Root relative aguared error 94,4224 %

l (Mom}) occgroup Total Number of Instances 280

Start Stop === Detailed Accuracy By Clas3z ===

| il

Result list (right-click for options) TP Rate FP Rate Precision Recall F-Measure MCC ROC Area PRC Area Claas
0.083 0.023 0.250 0.083 0.125 0.101 0.715 0.243 Cc3
0.591 0.155 0.655 0.591 0.621 0.448 0.793 0.722 HE
0.770 0.476 0.601 0.770 0.875 0.303 0.707 0.643 n1
0.080 0.047 0.143 0.080 0.103 0.043 0.688 0.181 BZ
0.000 0.004 0.000 0.000 0.000 -0.0086 0.735 0.063 F&
Weighted Avg. 0.582 o0.227 0.542 0.582 0.552 0.307 0.735 0.528

=== Confusion Matrix ===

a b c d e < classified as
2 2 18 1 o1 a =103
2 55 31 4 11 b = HE
3 22 104 [ (] c =2l
1 5 17 2 o1 d=B2
4] 1 L] e =Fé

i NBBAhO&Ol JrangNKI@H) E KKOOB O k DI E
CfsSubsetEva] Ep@dBayed Neé O

Classifier

| choose j|uaiveﬂayes

Test options Classifier output
() Use training set
D —— === Summary ===
(®) Supplied test set { Set J
= ) . N | Correctly Classified Instances [1:] 68 %3
) Crossvalidation Folds 10 Incorrectly Classilied Instances £
O Percentage split % 66 Kappa statistic 0.4139
Mean absolute error 0.1806
l More options.. J MEn squared error 0.3134
Relative absclute error 74.5323 3
Root relative squared error 93.2923 %
l (Momj) occgroup I‘ J Total Number of Instances 100
T Stop === Detailed Accuracy By Class ===
Result list {right-click for options) TP Rate FP Rate Precision Recall  F-Measure MCC ROC Area FRC Area Class
0.000 0.020 0.000 0.000 0.000 -0.014 0.788 0.045 c3
03:06:39 - bayes. MaiveBayes 0.675 0.217 0.875 0.675 0.875 0.458 0.795 0.701 HE
0.722 0.304 0.736 0.722 0.729 0.417 0.755 0.793 Rl
0.500 0.031 0.400 0.500 0.444 0.421 0.779 0.259 B2
0.000 0.000 0.000 0.000 0.000 0.000 0.870 0.250 Fé
Weighted Avg. 0.4a80 0.252 0.683 0.480 0.6281 0.425 0.774 0.722

=== Confusion Matrix ===

a b c d e <-- classified as
00 1001 a=¢C3
12712 0 0] b=HE
111339 3 01 c=A4A1
o 2 0 2 0] d=E&82
00 1 00l e=F

j NBBAHh OO JTEhRIRP BRLO ERKEenh I KNI
CfsSubsetEva] Mip@sBayes N e O
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Classifier

Choose | NaiveBayes

Test options

() Use training set

(_) Supplied test set
(®) Cross-validation Folds 10
(_) Percentage split

[ More options..

| (Nom) occgroup

Start |

Result list (right-click for options)

03:10:45 - bayes.MaiveBayes

ij N8 §ih ®6L Trdn
] Mp@sBayed Né O

Selecti@gnh

|
"

Tesliniit &

V'

Iv

Classifier output

=== 5LrELILIEd CrUSS—vallUdLlium

=== Confusion Matrix ===

a b ¢ d e <— classified a3
5 216 1 0] a=2¢C3
1523 4 01| b=HS8
52293 8 0] c=2~41
2 613 4 0| d=B2
0 0 2 1 0] e=Fg

Surmary ===
Correctly Classified Instances 1a0 57.1429 %)
Incorrectly Classified Instances 120 42,8571 %
b Kappa statistic 0.2538

Mean absolute £rror 0.1975)

Root mean squared error 0.3541

Relative absclute error 76.5561 %

Root relative squared error 95.8046 %

Total Number of Instances 280

=== Detailed Accuracy By Class ===
TP Rate FF Rate Frecision Recall F-Measure MCC
0.208 0.031 0.385 0.208 0.270 0.236
0.55%9 0.160 0.6834 0.559 0.594 0.413
0.733 0.462 0.594 0.733 0.658 0.276
0.160 0.058 0.211 0.160 0.182 0.115
0.000 0.000 0.000 0.000 0.000 0.000

Weighted Avg. 0.571 0.284 0.550 0.571 0.554 0.301

ROC Rrea

o oo ooo

631
762
661
658
353
689

ERC Area

a.
1]
a
a.
a
1]

238

.630
.591

183

.027
.551

Class
c3
HE
Bl
B2
Fé
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Classifier

{ Choose | NaiveBayes

Test options Classifier output
() Use training set
~ === Summary ===
(®) Supplied test set | Set. | I
|C::rrecl:ly Cla3aified Instances a2 62 % )
) ETEEE G Trncorrect I¥ Classiiied INSCances 32 EL: 3
(_J) Percentage split ) | Kappa statistic 0.3247
( Mean absolute error 0.1804 >
L More options... | Root mean squared error 03231
Relative absolute error T4.4619 %
S Root relative aquared error 96,1945 3
(Nom) occgroup hd Total Number of Instances 100
l Start | === Detailed Accuracy By Class =———
Result list {right-click for options) TF Rate FP Rate Precision Recall  F-Measure MCC ROC Area FPRC Ares (Class
0.000 0.030 0.000 0.000 0.000 -0.018 0.269 71 c3
03:10:45 - bayes.MaiveBayes 0.800 0.217 0.649 0.800 0.823 0.389 0.778 0.898 HE
03:12:47 - misc.InputMappedClassifier 0.685 0.348 0.698 0.685 0.692 0.337 0.760 0.789 1
0.2 0.063 0.143 0.250 0.182 0.144 0.872 0.218 B2
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